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Abstract: For the time sequential relationship between nodes in a dynamic social network, social network influence
maximization based on time sequential relationship was proved. The problem was to find & nodes on a time sequential
social network to maximize the spread of information. Firstly, the propagation probability between nodes was calculated
by the improved degree estimation algorithm. Secondly, in order to solve the problem that WCM models based on static
social networks could not be applied to time sequential social networks, an IWCM propagation model was proposed and
based on this, a two-stage time sequential social network influence maximization algorithm was proposed. The algorithm
used the time sequential heuristic phase and the time sequential greedy phase to select the candidate node with the largest
influence estimated value inf () and the most influential seeds. At last, the efficiency and accuracy of the TIM algorithm
were proved by experiments. In addition, the algorithm combines the advantages of the heuristic algorithm and the greedy
algorithm, reducing the calculation range of the marginal revenue from all nodes in the network to the candidate nodes, and
greatly shortens the running time of the program while ensuring accuracy.
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